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Integrated Classification Comparison: Bagging NB & Boosting NB

LI Xiao-bo
(College of Computer and Communication Engineering, Weifang University, Weifang 261061, China)

Abstract: Bagging and Boosting are two important voting classification algorithms. Bagging parallel generates multiple
classifiers and by adjusting the sample weights, Boosting generates multiple classifiers serially. This paper integrated Bag-
ging and Boosting algorithms with Naive Bayesian to construct Bagging NB and AdaBoosting NB. Based on UCI data sets,
experiment result show that Bagging NB is more stable and can produce more accurate classifier than NB. Boosting algo-
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rithms are sensitive with the distribution of the data set and sometimes less effective.
Key words: classification algorithm; Bagging; Boosting; naive Bayesian
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S; = bootstrap(S);
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R; = Ci(z);
endfor.
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end.
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endfor.
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begin
fort =1,2,-,T do
S; = bootstrap(S);
forj =1,2,,k do

N
# = 25Si(a;)/Ns
p=1

N
o = 21(Si(ay) = 1) /N;
=1
endfor.
for p = 1,2, ,M do
forq = 1,2,---,C do
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CTR,, = D —log(e;) = (s — 2,(a4))2/(26%);

k=1
endfor

R, = max(CTR,)
endfor
R, = CatMax(R,);
endfor.
Rat = (1 — MisClass(R,))/N;
end.
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endfor.
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Normalization( W) ;
for p = 1,2,--,M do
forg = 1,2,+,C do
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endfor
R, =max(CTR,)
endfor
R, = CntMax(log(1/8,) * R,);
endfor.
Rat= (1-MisClass(R;))/N;
end.
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